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Abstract

We describe the phenomenon of candy speech
– positive emotional speech in online com-
munication – and introduce a categorization
of its various types based on the theoretical
framework of social interaction by Goffman
(1967). We provide a dataset of 46,286 German
YouTube comments manually annotated with
candy speech types; 14,580 comments in this
data contain a total of 21,785 candy speech ex-
pressions. We discuss issues in the annotation
and evaluation of such higher-level semantic
properties of text.

1 Introduction

The theoretical framework of social interaction in-
troduced by Goffman (1967) is centered around
face-work, where face represents a ‘positive social
value a person effectively claims for [themselves]
[. . . ] an image of self delineated in terms of ap-
proved social attributes’ (p. 5). In this approach,
social interactions involve emotionally charged lin-
guistic utterances which directly influence a per-
son’s image or face. Goffman (1967) assumes vari-
ous states and processes related to face: An individ-
ual is said to be ‘in face’ when they feel confident
and assured, hence one strives to ‘maintain one’s
face’, i.e., to sustain a positive image of oneself.
At the same time, one fears to ‘lose face’, which
could result in a damage to one’s image. In cooper-
ative discourse, mutual face support is desired and
even expected, and, if heeded, ensures that faces
are maintained. Furthermore, ‘face-saving’ and
‘face-giving’ strategies can be applied when face is
lost. The former allows an individual to sustain an
impression that they have not lost their face, while
the latter refers to the process by which others help
an individual to ‘gain face’.

In linguistics, face-work plays a central role, as
it provides insight into how language functions
not only as a medium for conveying information,

but also as a means to manage social relationships,
shape interpersonal dynamics, and construct identi-
ties in interactions. Nonetheless, very few studies
have addressed positive interactions in social media
from a corpus-based perspective via annotation of
significant amounts of realistic data or using com-
putational approaches. Annotation efforts have so
far centered on negative online interactions, and
linguistic expressions that negatively influence an-
other person’s or group’s public image have been
extensively studied. The area of negative communi-
cation practices has been delineated in great detail,
with distinctions between hate speech, offensive
language, toxicity, and many other subtypes (see
Poletto et al., 2021, for a survey, and references
therein). In contrast, little empirical work has been
done on the positive side, despite the fact that (as
we believe) positive face-work is similarly complex,
and despite the fact that positive social engagement
leads many users to strongly associate with certain
virtual communities and spend large amounts of
time interacting online. The lack of empirical re-
search on positive face-work means that we know
very little on how it looks and how to identify it
in online data. Studying the types of phenomena
that make up positive interactions in digital media
may enable us to automatically find and possibly
enhance positive face-work, and may help us un-
derstand how virtual communities and identities
are constructed through language.

In this study, we focus on candy speech – a term
we use for positive face-work in online discourse
that provides face support for others. We develop a
classification of candy speech types that allows for
a differentiated view of face-supporting strategies.
Some previous work has already documented the
prevalence of (certain types of) positive speech in
social media (e.g., Chakravarthi and Muralidaran
2021; Jiménez-Zafra et al. 2023 on ‘hope speech’
or Njoo et al. 2023 on ‘empowerment language’).
Face-work, in particular positive face-work, has



however rarely been directly addressed in corpus
or computational linguistic studies (but see Dutt
et al., 2020; Klüwer, 2011; Klüwer, 2015; Virtanen,
2022). Specifically, Klüwer’s (2011; 2015) work
on small talk in task-oriented dialogs, which she
frames in face-work terms, is relevant for our study.
Klüwer (2011; 2015) develops a taxonomy of dia-
log acts for non-task-oriented passages in virtual
reality dialogs based on the notion that these inter-
actions typically serve social purposes: to either
request support for one’s own face, or to provide
face support for the interlocutor. In our classifi-
cation of candy speech, we build on and extend
Klüwer’s face supporting dialog acts based on so-
cial media interactions between real humans.

Our main contributions are the following:

• We develop a definition and subcategorization
of candy speech in social media comments.

• We annotate a subset of a German YouTube
corpus and discuss first observations regarding
the distribution of candy speech expressions.

• We present an evaluation method for compar-
ing span-based candy speech annotations and
apply it to our corpus data.

2 Dataset

We work with the data from the NottDeuYTSch
corpus (Cotgrove, 2018), which contains over 33
million words taken from approximately 3 million
YouTube comments published between 2008 and
2018 by a young German-speaking audience. Com-
ments posted on social media platforms often rep-
resent emotional discourse. In addition, it is known
that YouTube comments in particular contain many
positive social interactions, for example within fan
groups and other communities (Cotgrove, 2025),
thus being suitable for our purposes.

We selected 16 videos authored by seven cre-
ators, together with all their comments. To reflect
the topic distribution in the original corpus, the
creators/videos were selected randomly; however,
we made sure that the creators represent different
sectors (e.g., music, tutorials) so that the comment-
ing communities can be expected to differ in the
frequency and types of candy speech expressions.
The annotated dataset consists of a total of 46,286
comments, grouped into 16 ‘documents’ according
to the video they relate to.1

1The dataset and annotation guidelines are available via
the OSF platform: https://osf.io/r9uek/.

3 Candy speech

3.1 Definition

Following Goffman’s (1967) theory, we define
candy speech as face-support that aims to help oth-
ers maintain and restore their positive (self-)image.
Candy speech thus is constituted by expressions
of positive attitudes and feelings on social media
towards individuals (e.g., content creators or com-
menters) and their posts (videos, comments, etc.).
The purpose of candy speech is to encourage, cheer
up, support or empower others. Candy speech can
be viewed as the counterpart to hate speech, as it
likewise aims to influence the self-image of the tar-
get person or group, but in a positive way. In the
following section, we describe our classification of
candy speech expressions against the backdrop of
face-work strategies.

3.2 Classification

Our classification includes 10 annotation cate-
gories: eight distinct types of candy speech and
two additional categories. An overview of all candy
speech types is given in Table 1. The additional
categories are implicit and ambiguous. The annota-
tion implicit is used for indirect expressions of one
of the eight explicit types. The label ambiguous
applies to cases in which the lack of context pre-
vents an expression from being clearly classified as
candy speech or not.

The candy speech types realize face-supporting
strategies directed at others, which we broadly di-
vide into two classes: those conveying positive
disposition toward individuals and those claiming
shared common ground (Stalnaker, 2002) with an
individual or a group. Positive disposition is re-
alized by the types affection declaration, compli-
ment, encouragement, gratitude, positive feedback
and sympathy. It can also be expressed implic-
itly. Claiming of common ground is done via using
markers of group membership or signaling agree-
ment.

Additionally, we label each comment contain-
ing candy speech as initiative or reactive, which
allows us to differentiate between spontaneous acts
of face support (initiative) and replies to other com-
ments (reactive). Reactive comments can repre-
sent face-supporting or face-saving acts, depend-
ing on whether they refer to candy speech expres-
sions (e.g., agreement) or aim at counteracting face
threats initiated by others (e.g., compliments on
positive achievements of the target person).

https://osf.io/r9uek/


Type Short definition Example

affection
declaration

admiration, love and affection towards oth-
ers

I like you XD

compliment acknowledgment of skills, personal char-
acteristics or achievements of others

You create really great videos !

encouragement comments that aim to encourage others Keep at it !

gratitude sincere gratitude expressed unprompted Thanks for motivating me !

group
membership

markers of group membership, e.g., be-
longing to a fan community

I am a #lochinator

positive
feedback

positive attitude toward a post, video, com-
ment etc.

The song is mega mega cool .

sympathy words of compassion and understanding the new ones are worth a chance, too !

agreement agreement with an opinion or statement
that represents candy speech

Yeaaah so amazing

implicit indirect expression of candy speech Why don’t you go to Supertalent ?

ambiguous unclear whether candy speech or not OMG

Table 1: Types of candy speech expressions (examples are translated from German).

4 Annotation

4.1 Procedure

The annotations were performed with the annota-
tion tool Inception (Klie et al., 2018). Each com-
ment was checked for the presence of candy speech,
and the identified candy speech expressions were
annotated on the exact span level with one of the
predefined types. Note that one comment can con-
tain several candy speech expressions, and such
expressions can also overlap. For each expression,
we aimed at labeling the shortest possible span,
e.g., instead of annotating several consecutive ex-
pressions of the same type as one span, each clause
was annotated separately. Furthermore, our annota-
tion scheme allows for overlapping spans in order
to preserve the grammaticality of each annotated
expression. E.g., Ihr seit soooooo süss und eure
Parodien der Hammer (‘You are soooooo sweet
and your parodies are awesome’) was labeled both
as affection declaration and positive feedback.

The annotations were conducted by two anno-
tators – an author of this paper (annotator 1) and
a graduate student with linguistic background (an-
notator 2). At the beginning of the annotation pro-
cess, the annotation guidelines with the definition
of candy speech and a number of predefined candy
speech types were compiled and shared with an-

notator 2. In the annotation training period, both
annotators annotated the same portion of the data
and discussed the results. Annotator 2 proceeded
with the annotation, while regularly discussing the
results with annotator 1. When new cases/types
emerged, the annotation guidelines were updated
and previous annotations were adapted accordingly.

Annotator 1 annotated one document; annotator
2 annotated 13 documents. Annotations performed
by annotator 2 were reviewed by annotator 1 and
any disagreements were discussed until a consen-
sus was reached and corrected if necessary. Two
additional documents were annotated separately
by each annotator; these results were not discussed
and used to calculate the inter-annotator agreement.

4.2 Inter-annotator agreement

The basic inter-annotator agreement (IAA) was
measured on the comment level in binary form, i.e.,
whether a given comment contains candy speech or
not. The results based on percentage agreement and
Cohen’s κ (Cohen, 1960) are given in Table 2. The
annotators show good agreement of κ ≥ 0.7 on
the detection of whether comments contain candy
speech. Note that most comments are quite short,
with an average of 16.5 tokens per comment.

Evaluating agreement for span annotations such
as candy speech expressions is not a trivial task.



Document # comments % κ

Doc1 204 85.2 .70
Doc2 242 89.6 .76

Table 2: Binary IAA on the comment level.

There are generally two options: First, classical
chance-corrected inter-annotator agreement (Art-
stein and Poesio, 2008) could be applied if the task
is seen as a classification task, assigning items to
classes. However, in this case we should choose a
suitable method which allows for multiple classes
to be assigned to the same token. In addition, the
most likely item choice (for practical reasons) for
evaluation would be word tokens – and this does
not take into account that several words often be-
long together to make up one candy speech ex-
pression (see Table 1). Thus, missing one candy
speech expression should not count for different
numbers of mismatches depending on the length
of the phrase. Similar issues arise for other span-
based annotations, such as named entity recogni-
tion (NER). A second option for evaluating span-
based annotations comes from the NER literature
and is based on matching markables (labeled spans)
between a candidate and a reference annotation.
Since all standardly available NER scorers how-
ever share the assumption that spans cannot over-
lap (Nakayama, 2018; Batista and Upson, 2020;
Palen-Michel et al., 2021; Lignos et al., 2023), we
implemented our own span-based F-score to com-
pare two candy speech annotations. We calculate
precision (P), recall (R) and F1 scores by counting
whether the type and character span of each anno-
tated candy speech expression matches between
the two annotators (strict agreement) as well as
whether both annotators identified the same type(s)
of candy speech in a given comment (type agree-
ment only; disregarding spans). The results show
good agreement at the type level, and moderate
agreement in the (very strict) fine-grained evalua-
tion (see Table 3).

Strict Type

Doc # P R F1 P R F1

Doc1 204 .66 .51 .58 .79 .61 .69
Doc2 242 .55 .48 .51 .84 .73 .78

Table 3: IAA on the fine-grained annotation.

4.3 Statistics on the annotated data

14,580 (31.5%) of the comments contain at least
one candy speech expression.2 In total, 21,785
expressions of candy speech were found. Table 4
shows the distribution per type.

Type Count %

affection declaration 3,933 18.1
compliment 3,504 16.1
encouragement 1,009 4.6
gratitude 474 2.2
group membership 558 2.6
positive feedback 11,403 52.3
sympathy 101 0.5
agreement 269 1.2
implicit 255 1.2
ambiguous 279 1.3

Total 21,785 100

Table 4: Distribution of candy speech types.

Positive feedback is the most frequent type and
covers over 50% of all annotated expressions. It
represents a more ‘general’ type of candy speech
that occurs with all kinds of videos. Affection dec-
laration and compliment are also frequent, with
a proportion of 18% and 16%, respectively. The
other types were found in less than 5% of all candy
speech expressions, which can be explained by the
fact that they are more specific and often closely
linked to the video theme. For example, sympathy
occurred mainly in the comments to a video about
a natural disaster, while gratitude was most fre-
quently found in the comments to a fitness tutorial.

Emojis/emoticons occurring without accompa-
nying text, but with a clear positive meaning, were
counted as positive feedback (275 instances; 2.4%).
Beißwenger and Pappert (2019) have previously
noted the significance of emojis for face-work
of this kind. Other single emojis were counted
as group membership (if they were clearly inter-
pretable as the creator’s symbol; see Scheffler
2024) or as ambiguous (if both negative and posi-
tive interpretations could in principle be possible;
Scheffler and Nenchev 2024). These were less fre-
quent, however (3 and 29 instances, respectively).

Initiative comments prevail over the reactive
ones (92% vs. 8%, respectively). All types of

2For the documents annotated by both annotators, we con-
sider the version of annotator 1.



candy speech occurred in both modes, except for
agreement, which is only possible in responses.

5 Conclusion and discussion

This study contributes to the identification and pro-
motion of positive online discourse. We have de-
fined the phenomenon of candy speech as positive
face-work in online communication and provided
a detailed annotation scheme for its different types.
Further, we discussed challenges related to the an-
notation and evaluation of this type of span-based
semantic properties.

Our work facilitates a deeper understanding of
positive face-work in online settings by showing
that candy speech varies across several dimensions:
its ‘target’ (e.g., an individual or their output), the
domain/topic of the creator/video (e.g., expressions
of gratitude are most common with videos offering
practical advice), and the level of intensity (e.g.,
affection declaration may reflect stronger emotions
than compliments or positive feedback). Empir-
ical research into candy speech and its linguistic
realizations can yield insights into how virtual com-
munities constitute themselves and support each
other. The dataset we provide can be used to train
computational models to detect (and potentially
generate) various types of candy speech, and pos-
itive language more broadly, e.g., for mitigating
face threats.

As the next step, we plan to look into a finer-
grained differentiation of our majority class posi-
tive feedback as well as of the reactive comments
with respect to face-supporting and face-saving
acts.
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